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Evidence-Based Learner Persona
AI Literacy for the Modern Workforce · The Mid-Career Knowledge Professional

The target participant uses AI tools daily, reports time savings, and lacks the foundational

judgment framework to know when their outputs are reliable.

This persona is a research-informed composite. Every attribute reflects documented findings from the Anthropic Interviewer (N=1,250,
Dec 2025), the WEF Future of Jobs Report 2025, the Anthropic Economic Index series, and Lee et al. (CHI 2025). It characterizes the
target population's observed behaviors, documented knowledge gaps, and reported motivations, not assumed or aspirational traits.

RRROOOLLLEEE   PPPRRROOOFFFIIILLLEEE

The target participant is a mid-career professional working in a knowledge-intensive function; marketing, operations, HR, finance, and

product management are representative cases, not boundaries. The same profile extends upward through senior leadership and

executive roles, and nothing in the research corpus confines the gap to mid-level seniority. Management tasks carry the highest

average labor cost in the productivity data ($133; Tamkin & McCrory, Nov 2025, p. 10), which makes the same judgment gap most

expensive at the top. The persona anchors the design at the workforce's center of mass; it does not cap who the program serves.

They hold a degree-level qualification, have five or more years of experience in their field, and operate in an organization that has

granted access to at least one AI tool. They are not a technical specialist. AI is not their job; it is increasingly a condition of their job.

The structural context shaping this participant is documented and significant. Employers project that 39% of workers' core skills will

change by 2030, with AI and big data topping the list of fastest-growing skill demands globally (WEF Future of Jobs Report, 2025, pp.

6, 32). The share of tasks performed by humans alone is expected to decline from 47% to near-parity with machine and human-

machine collaboration categories by 2030 (WEF 2025, p. 26). Forty-eight percent of professionals in the Anthropic Interviewer's

1,250-person sample (spanning the general workforce, scientists, and creatives) are actively considering career transitions toward

roles that focus on managing and overseeing AI systems, a calculated read on where professional relevance is heading (Anthropic

Interviewer, Dec 2025).

CCCUUURRRRRREEENNNTTT   AAAIII   UUUSSSAAAGGGEEE   PPPAAATTTTTTEEERRRNNNSSS

This participant is already using AI. The relevant question is not whether they use it, but how well.

Eighty-six percent of professionals in the Anthropic Interviewer sample report that AI saves them time, and 65% report satisfaction

with AI's current role in their work (Anthropic Interviewer, Dec 2025). These figures establish baseline tool engagement. Productivity

data provides the task-level picture: median task-time savings of 81%, with the distribution peaking in the 80–90% range (Tamkin &

McCrory, Nov 2025, p. 12). That observational median should be read against the more conservative 14–56% reductions reported in

the randomized controlled trials referenced in the same analysis. Task-specific figures vary substantially: document drafting yields

approximately 87% time savings, financial analysis approximately 80%, and compiling information from reports approaches 95%

(Tamkin & McCrory, Nov 2025, pp. 10, 12).

The usage pattern, however, reveals a judgment gap. Sixty-five percent of participants self-report their primary mode of AI use as

augmentative: they describe AI as supporting their judgment rather than replacing it. Task-level behavioral data from Claude usage

analysis shows a materially different picture: 57% augmentative, 43% automative (Handa et al., Feb 2025, p. 3). That gap ranges from

eight percentage points against Handa et al. to eighteen against the more recent internal analysis the Anthropic Interviewer cites

(November 2025 data, approximately 47% augmentative), an 8-to-18-point overestimate depending on the dataset (Handa et al., Feb

2025, p. 3; Anthropic Interviewer, Dec 2025). The discrepancy is not trivial. It indicates that a sizable share of participants believe

AAAIII   LLLIIITTTEEERRRAAACCCYYY   FFFOOORRR   TTTHHHEEE   MMMOOODDDEEERRRNNN   WWWOOORRRKKKFFFOOORRRCCCEEE EEEVVVIIIDDDEEENNNCCCEEE---BBBAAASSSEEEDDD   LLLEEEAAARRRNNNEEERRR   PPPEEERRRSSSOOONNNAAA PPPAAAGGGEEE   111   OOOFFF   444

https://reports.weforum.org/docs/WEF_Future_of_Jobs_Report_2025.pdf
https://reports.weforum.org/docs/WEF_Future_of_Jobs_Report_2025.pdf
https://reports.weforum.org/docs/WEF_Future_of_Jobs_Report_2025.pdf
https://reports.weforum.org/docs/WEF_Future_of_Jobs_Report_2025.pdf
https://www.anthropic.com/research/anthropic-interviewer
https://www.anthropic.com/research/anthropic-interviewer
https://www.anthropic.com/research/anthropic-interviewer
https://www.anthropic.com/research/anthropic-interviewer
https://www.anthropic.com/research/estimating-ai-productivity-gains
https://www.anthropic.com/research/estimating-ai-productivity-gains
https://bear-images.sfo2.cdn.digitaloceanspaces.com/ritchot/04761v1.pdf
https://bear-images.sfo2.cdn.digitaloceanspaces.com/ritchot/04761v1.pdf
https://bear-images.sfo2.cdn.digitaloceanspaces.com/ritchot/04761v1.pdf
https://bear-images.sfo2.cdn.digitaloceanspaces.com/ritchot/04761v1.pdf


NNNEEEEEEDDDSSS   AAANNNAAALLLYYYSSSIIISSS   ···   AAARRRTTTIIIFFFAAACCCTTT   000333   OOOFFF   000444 EEEVVVIIIDDDEEENNNCCCEEE---BBBAAASSSEEEDDD   LLLEEEAAARRRNNNEEERRR   PPPEEERRRSSSOOONNNAAA

they are exercising oversight over AI outputs in situations where the task structure (full delegation, unverified output acceptance)

shows they are not. This participant does not know they are overrelying. That is the core design constraint.

DDDOOOCCCUUUMMMEEENNNTTTEEEDDD   MMMIIISSSCCCOOONNNCCCEEEPPPTTTIIIOOONNNSSS   &&&   CCCAAAPPPAAABBBIIILLLIIITTTYYY   GGGAAAPPPSSS

The following gaps are documented in the research corpus. They are not assumptions about what this participant probably

misunderstands; they are patterns observed in behavioral and survey data.

Confusing generation with retrieval. Participants interact with AI tools as though they function like search engines: they expect

outputs to reflect stored, retrievable facts rather than probabilistically generated text. This misconception produces uncritical

acceptance of plausible-sounding but fabricated citations, statistics, and legal or regulatory references. The WEF (2025, p. 11)

specifically flags that generative AI risks adverse outcomes where users unknowingly stretch the technology beyond its capabilities,

a risk this misconception directly enables.

Overconfidence as a scrutiny suppressant. Lee et al. (CHI 2025, pp. 1–2), in a survey of 319 knowledge workers across 936 real-

world AI-assisted tasks, find that higher confidence in generative AI predicts reduced critical thinking effort. The effect is most

pronounced when tasks are perceived as routine or lower-stakes, precisely the conditions under which errors are least likely to be

caught before they enter a deliverable. The participant who has used an AI tool successfully for three months is more likely to skip

verification than the one who started last week.

Misreading the augmentation/automation boundary. As documented above, participants systematically overestimate the degree

to which they maintain human oversight during AI-assisted work. They lack a functional vocabulary for distinguishing delegation

decisions (what to hand off entirely) from collaboration decisions (what to do jointly with AI support). This is the gap the 4D

framework's Delegation dimension is specifically designed to close.

Underuse through overcaution. Some participants avoid AI for high-value tasks (complex analysis, sensitive communication,

strategic drafting) out of discomfort with output variability, even in cases where AI assistance combined with human review would be

both appropriate and efficient. This avoidance pattern produces no productivity gain and no skill development. 1

MMMOOOTTTIIIVVVAAATTTIIIOOONNN   &&&   EEENNNGGGAAAGGGEEEMMMEEENNNTTT   BBBAAARRRRRRIIIEEERRRSSS

What motivates engagement. This participant is time-pressured and professionally self-interested. They engage with development

programs when the direct relevance to their daily work is legible within the first five minutes. The primary motivators are productivity

gain (86% report time savings from current AI use and want to increase them), career positioning (48% of professionals surveyed are

actively planning transitions toward AI oversight roles, Anthropic Interviewer, Dec 2025), and professional legitimacy (the desire to

use AI confidently and visibly, not just competently).

What blocks engagement. The most significant barrier is not skepticism about AI. It is social exposure. Sixty-nine percent of

professionals report that social stigma is an active deterrent to visible AI use at work (Anthropic Interviewer, Dec 2025). The

concealment dynamic is not theoretical: a fact-checker in the sample reported that when a colleague expressed hostility toward AI,

they said nothing and disclosed neither their own practice nor the time savings it produced. A participant who completes this

program and returns to a team culture where AI use is seen as a shortcut or a threat to professional credibility has limited social

runway to apply what they learned. Program design must account for this: the shared professional vocabulary this program builds is

itself a social license mechanism.

Secondary barriers include time pressure (Lee et al. identify this as a factor reducing motivation for critical engagement during AI-

assisted tasks), perceived irrelevance of generic AI training to their specific functional context, and prior negative experience with

compliance-style technology training that was mandatory, low-quality, and outcome-irrelevant.
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This participant accesses training asynchronously, primarily during business hours when they have blocked time or between

meetings. They are browser-based learners; a dedicated mobile session for a work program is uncommon. They learn in short

windows (15–30 minutes) rather than extended sittings and have low tolerance for passive content delivery that does not connect to

an immediate application.

They already use AI tools (ChatGPT, Claude, Gemini, or enterprise-licensed equivalents) in their daily workflow. This program is not

their introduction to AI; it is their first structured engagement with the mechanisms and judgment frameworks that determine

whether that existing use is reliable. Design implication: no time is spent convincing participants that AI matters. That case is made

by the 86% time savings data the program presents in Module 1. Time is spent building the foundational competency and evaluative

vocabulary that converts tool familiarity into professional fluency.

DDDEEESSSIIIGGGNNN   IIIMMMPPPLLLIIICCCAAATTTIIIOOONNNSSS   SSSUUUMMMMMMAAARRRYYY

AAATTTTTTRRRIIIBBBUUUTTTEEE RRREEESSSEEEAAARRRCCCHHH   AAANNNCCCHHHOOORRR DDDEEESSSIIIGGGNNN   RRREEESSSPPPOOONNNSSSEEE

Already using AI; satisfaction
high

86% time savings, 65% satisfaction
(Anthropic Interviewer)

Skip adoption arguments; lead with the performance
gap

Overestimates augmentation;
underestimates automation

65% self-report vs. 57% behavioral data
(Handa et al.)

Build Delegation and Discernment competencies
explicitly; make the gap visible

Overconfidence suppresses
verification

Lee et al. (CHI 2025) Scenario-based practice that surfaces errors under
confident conditions

Social stigma limits visible
application

69% concealment (Anthropic
Interviewer)

Build shared vocabulary (4D framework) as a
normalization instrument

Motivated by career relevance
and output quality

48% career transition consideration
(Anthropic Interviewer)

Frame every module in terms of professional identity
and output quality

Time-pressured; asynchronous;
browser-based

WEF upskilling context; general workforce
preference data

15–30 minute modules; mobile-responsive; no live
session dependency

Underuse in complex tasks
(inferred)

Augmentation/automation behavioral data
(Handa et al.)

Module 4 scope includes appropriate delegation
identification, not only output verification

1 Underuse through overcaution is a design-grounded inference derived from the augmentation/automation behavioral divergence (Handa et al., Feb
2025) rather than a directly observed survey item. It is included as a design premise and flagged accordingly. If future practitioner research produces a
direct empirical anchor, this section should be updated.
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Anthropic Interviewer — Introducing Anthropic Interviewer: What 1,250 Professionals Told Us About Working with AI (Dec 2025)

Handa, K. et al. — Which Economic Tasks Are Performed with AI? Evidence from Millions of Claude Conversations (Feb 2025)

Lee, H. et al. — The Impact of Generative AI on Critical Thinking: Self-Reported Reductions in Cognitive Effort and Confidence Effects From a
Survey of Knowledge Workers, CHI 2025

Tamkin, A. & McCrory, P. — Estimating AI Productivity Gains from Claude Conversations (Nov 2025)

World Economic Forum — Future of Jobs Report 2025 (Jan 2025)
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